S s~ Publishers

ISSN: 2755-6190

Review Article

Open Access Journal of Artificial Intelligence and Technology

MockHire: Enhancing Candidate Preparedness and Streamlining Recruitment
Through AI-Powered Interview Simulation, Evaluation and Application

Tracking

Reshma Totare, Siddhi Uttekar®, Sneha Gonjari and Ishwari Abuj

Department of Information Technology, AISSMS Institute of Information Technology, Pune, India

“Corresponding author

Siddhi Uttekar, Department of Information Technology, AISSMS Institute of Information Technology, Pune, India.
Received: November 04, 2025; Accepted: November 10, 2025; Published: November 15, 2025

ABSTRACT

Competition in the job market is getting tougher. The conventional mock interview companies often incurred limitations on the number of people available
who could provide subjective feedback. This proposal is both candidate-interview preparation-friendly and recruiter-shortlisting-friendly. Candidates can
view job postings, submit CVs and resumes, and enter into Al mock interviews. Recruiters may post jobs, review candidates’ responses, manage applications,
and optionally conduct mock interviews with the help of Al. There, resume parsing, adaptive questioning, performance analytics, and visualization identify
shortlisted candidates through delivering relevant, evidence-based insights to candidates as well as recruiters.

Keywords: Al-Powered Recruitment, Adaptive Mock Interviews,
Candidate Assessment Analytics, Evidence Based Hiring

Introduction

The hiring process has changed significantly in recent years, and
technology is now essential for finding and choosing the best
applicants. Nonetheless, the conventional methods of screening
and interview preparation are still frequently subjective and time-
consuming. Conversely, recruiters become inefficient due to the
high volume of applications and have a tendency to be subjective,
while candidates hardly ever have access to customized mock
interviews at reasonable costs. MockHire examines these
problems on an Al-powered platform that improves candidate
preparedness and recruitment effectiveness through automated
evaluation, application tracking, and interview simulation. With
the use of technologies like speech recognition, the system creates
an interview setting that is incredibly realistic. In a flexible and
dynamic setting, candidates can rehearse answering particular
questions. MockHire is a platform that helps candidates prepare
for interviews. It provides immediate, data-based feedback
about a candidate’s technical skills, self-assurance, and

communication skills. The Al interviewer adapts the questions
in real time according to the candidates’ answers so as to provide
a more customized interview experience that is very close to the
actual interview. With the help of visual analytics and feedback
reports, additional learning and development opportunities can
be created by showing the strengths and weaknesses of a person.

By using MockHire as an intelligent hiring assistant, recruiters
can make the whole candidate screening process more efficient.
It has the ability to post jobs, track applications in a single
dashboard, and automatically evaluate responses. They can
evaluate Al-generated scores, analyze candidate performance
metrics, and create an effective shortlisting process that
eliminates human bias while also saving a significant amount
of time.

By combining Al simulation, assessment, and tracking into
a single platform, MockHire modernizes the hiring process.
It increases candidates’ self-confidence, facilitates data-
driven hiring choices, and establishes an open, effective, and
expandable hiring procedure. In the end, MockHire facilitates
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communication between recruiters and job seekers by
transforming conventional interview techniques into insightful,
flexible, and evidence-based experience

Related Work

Up until now, hiring and interviewing have been conducted
very differently due to artificial intelligence. Al creates realistic-
feeling simulated interviews, automates tests, and gives real-
time feedback. In order to assess candidates’ communication
and behavioral abilities, research has been done on a variety of
artificial intelligence topics, including mock interview systems
that combine computer vision, machine learning, and natural
language processing (NLP). Early attempts, like the Al-Based
Behavioural Analyzer for Interviews Via in 2021, focused on
assessing the candidate’s behavior by analyzing their eye gaze,
voice tone, and facial expressions in real time. Although Al-
based behavioral scoring was introduced, it was not scalable
and was only available to candidates. Next, their Al Mock-
Interview Platform for Interview Performance Assessment
(2022) utilized Bi-LSTM-based models to score interview
responses in text. A dashboard for recruiters was thereby given
for human evaluators to visualize candidate performance. But
it failed to provide multimodal analysis to assess non-verbal
cues. More recent developments view more powerful models
with multimodal inputs as their path. Al-Driven Virtual Mock
Interview Development (2024) utilized GPT-4 in asking dynamic
context-aware questions and interacting with the candidates.
This showed that conversational Al could imitate interviewer
behaviour effectively and evaluate the responses in real time.
The downside here is that video and emotion-based analytics
remained absent.

To address the limitations of single-modal evaluation, A
Comprehensive Study Al-assisted Mock Interview Simulator
and Implementation with Pose-Based Interaction (2024) used
computer vision-related techniques like pose estimation and
facial emotion recognition to help capture an array of non-verbal
behavior. Similarly, From Practice to Perfection: Al-Driven
Mock Interviews for Career Success (2024) has complemented
NLP, CNNs for emotion detection, and Media Pipe based
posture analysis to get a more rounded candidate profile. While
the studies have significantly added to interview simulation in
Al, impediments that include high system latency, dependency
on quality hardware, limited accessibility, and lack of overhead
and continuous candidate tracking are found. Most recruitment
systems still focus mainly on candidate evaluation and do
not take into consideration other processes in the recruitment
workflow, such as scheduling, progress tracking, and recruiter
analytics. In that regard, MockHire seeks to build on this work
by combining Al-powered interview simulation, automated
performance evaluation, and complete application tracking in a
single platform. In contrast to past systems, MockHire addresses
both candidate readiness and recruiter efficiency by providing
actionable insights and streamlined recruitment management in
a scalable, cloudcompatible structure.

System Architecture

The infrastructure of the MockHire system is a multilayered
system comprising Al components, cloud storage, and interactive
web applications that work together for seamless recruitment and
interview prep. Essentially there are four highlevel component

layers: Presentation Layer, Application Layer, Al Layer, and Data
Layer. The entire system is robust and scalable due to the use of
powerful tech stacks to enable communication between system
components, real-time feedback, and intelligent automation for
candidates and recruiters.

Presentation Layer

The presentation layer through which users’ interface with the
MockHire system is the front-end interface. This includes the
Recruiter Web App and Candidate Web App. The applications are
easy to use and developed using modern frontend technologies
such as React and Next.js. The Candidate Web App allows users
to sign up, to practice interviews, and to obtain immediate Al-
generated feedback on the practice performance. The Recruiter
Web App allows hiring managers to review nominees, reports,
and insights stemming from interviews with their preferred
candidates. The presentation layer routes every user action to
the Application Layer eventually including answering questions
and requesting assessments. It is focused on user engagement,
scalability, and ensuring it is accessible, so users can effectively
work with the back-end.

Application Layer

The Application Layer represents the central feature of the entire
MockHire platform; which handles every critical function and
coordinates communication between the backend databases,
the Al engine, and the front-end. It is responsible for various
critical aspects, including job management, feedback, interview
scheduling, and user authentication. The Application Layer
receives candidates’ responses, validates the user session with
JWT, and passes all the necessary information to the Al Layer for
further evaluation after a candidate interview takes place. This
layer also manages analytics and feedback modules to generate
large-scale reports for the recruiters and candidates. This layer
is built on top of Node.js and Express, supporting many users
and concurrent sessions while maintaining speed and reliability
by providing an ever-performing server-side operation and
adequate scaling.

Al Layer

Mockhire 2.5 will feature the Al Layer to serve as the brain
of the Mockhire system, powered by groundbreaking machine
learning and Al technologies. Automating the more sophisticated
functionalities, including voice recognition, resume parsing,
dynamic question generation, and real-time feedback from
some task types. The Al interview engine, powered by Natural
Language Processing (NLP), will evaluate candidate responses
for a candidate’s use of tone and clarity and provide effective
feedback. The Resume Parser will pull information directly from
the candidate’s uploaded resume, which will be contextualized
for individualized interview questions.

Question Bank and Adaptive Logic modules will adapt based on
the candidate’s performance when utilizing question difficulty.
The Al Layer is going to be boosted with Text-to-Speech and
Speech-to-Text APIs for an immersive conversational interview
experience. This Al Layer is positioned right next to the
Application Layer to handle all the response data instantly and
it is also working together with the Data Layer to save, analyze
and report on the overall performance data.
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Figure 1: System Architecture

Data Layer

The Data Layer for the MockHire system takes care of all
data activities and provides secure data storing, analysis and
retrieval. This aspect includes PostgreSQL database, where
structured data like user profiles and interview logs are kept,
analytics database that holds the performance metrics used in
generating insights and AWS S3 file storage that safeguards
resumes, audio files and reports as the three components. By
implementing the best practices for data management, the
system can support a vast range of hiring activities along with the
benefits of high availability, redundancy and fast query response
times. Moreover, by using encryption and access controls, data
integrity and privacy are maintained while realtime updates for
analytics dashboards are enabled.

Tech Stack

MockHire’s capability, scalability, and adaptability are features
that jointly put together a cloud technology that is perfectly
ready. The back-end of the system is built around Node.js for
progressive web applications, employing Express and Prisma
ORM for wise database management, and Next.js, Tailwind
CSS, and TypeScript on the front-end. Apart from that, JWT
is the method of choice for secure authentication, while
MockHire’s Al model is Gemini 2.5 Pro, plus, the Speech-to-
Text and Text-to-Speech APIs. In order to give users a consistent
experience across the different devices, CloudFront CDN is
utilized for content delivery while AWS S3 is the choice for file
storage. All these techs combined, MockHire can provide smart
automation, instantaneous feedback, and an uninterrupted Al-
human interaction experience.

Design and Implementation of UI/UX

The platform’s UI/UX design is such that the experience for
both recruiters and candidates is great in terms of simplicity
and intuitiveness. The platform has a web application for each
user group: recruiters can post job opening, manage applications
and evaluations of candidates very efficiently; candidates can
attend Al mock interviews, monitor their progress, and get
tailored feedback. All user interactions sending resumes or
moving around in the dashboard are done in real time to give the
experience a responsive feel. Among the significant functions of
the platform’s main application are secure authentication, real-
time interview sessions, job management, and analytics. This
guarantees the safe handling of authentication through JWT
tokens, so that user sessions are secure. It collects and analyzes
performance data to provide constructive feedback to candidates
and recruiters for their decision-making and preparation. The
intelligent processing employs an Al engine that dynamically

formulates interview questions based on candidates’ responses
and evaluators’ answers in terms of accuracy and relevance. The
platform also includes voice-processing features that convert
spoken interview responses into text for evaluation and provide
text-to-speech feedback. In addition, resumes are parsed for
essential information to match skills against candidate profiles,
while the interviewer questions’ level of difficulty is adjusted
according to performance for a personalized client experience.
All data are securely archived and managed: structured
information is held in a PostgreSQL database while unstructured
files-resumes and interview recordings-are managed through
AWS S3. Performance metrics and analytics are stored and
visualized into easy-to-comprehend formats to allow candidates
and recruiters to make sound decisions.

Methodology

MockHire methodology is based on systematic, data-centric,
and Al-first principles. This framework improves the candidates’
readiness while accelerating the hiring process for organizations.
The entire process comprises five steps: Data Collection and
Preprocessing, Feature Engineering, Model Development,
System Integration, and Deployment Testing. All five stages
serve to enhance platform accuracy, flexibility, and usability.

Architecture & Design

The main goal of this stage is to lay the foundation for the entire
system framework, which maps the user journeys of recruiters
and candidates to deliver a first-rate experience. Starting
with registration, the candidate can participate in Alpowered
practice interviews, receive immediate feedback, and monitor
their progress. Conversely, recruiters have the ability to
design interview formats, manage applicants’ performance,
and calculate outcomes according to the skills. Determining
requirements for the systems and interaction touchpoints will be
made easier with the aid of flow mapping.

Following the orientation of the data structure, it is in the
schema that data would be best managed and organized. The
schema contains tables for users, roles, interview questions and
responses, Al feedback, and session logs. These connections
provide the correct entity relationships to provide data integrity
and optimized performance. The system is also organized in a
scalable architecture to maximize simultaneous practical use by
numerous recruiters and candidates while retaining the personal
information of all involved. Lastly, at the heart of usability for
our API, the endpoints are described as Dr. O’s connection
between the Al module and the front end and back end. All end-
user actions, including user authentication, question retrieval,
answer submissions, Al evaluation processing, and reports, are
sent back and forth using the endpoints. A unified architecture
is supplied by this for all APIs, thus enabling a more orderly
modular development process and easing the incorporation of
future capabilities for example” Dashboards” for further analysis
or instant feedback.

Al Prompt Engineering

Another feature of this stage is to formulate effective prompts so
that the Al may give better context and consistency in its answers.
Some prompts can be initiated as simple, explanatory sentences
that will provide contextual continuity. We might even develop
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prompts for industry-specific interview questions that will match
with candidate technical skills, experience levels, and positions.
Additionally, this serves to lessen the chance of one candidate
being treated unfairly. Separate prompts will be used for each
task of the Al: one will generate various structured questions and
the other will analyze transcripts when the model is used to judge
the quality of competence, tone, and confidence of the candidate
responses. This will clearly delineate what each of these two
models is tasked; hopefully increasing the reliability of each
model. Furthermore, all of the AI’s outputs must be in structured
JSON formats. The backend is thus able to automatically parse
and save these results in a unified format. Besides, it assures
that the different elements such as recommendations, strengths,
weaknesses, and scores can be consistently managed, which in
turn leads to flawless and smooth integration of front-end and
database without any errors.

Algorithmic Framework
Algorithm 1: Parallel, Multi-Faceted Feedback Generation
Focus: Low-Latency Orchestration

In order to minimize the response time, the feedback procedure
is divided into non-synchronized subprocesses, with each one
taking care of a different analytical aspect (summary, scoring,
improvement suggestions, etc.).

Algorithm 1: Comprehensive Feedback Generation

Input: Candidate transcript T, Job description J

Output: Consolidated feedback report R

1) Start a task list = [summary, scoring, recommendations,
tone-analysis]

2) Then for every task i in the task list: Start an async process
Pi: Pi « (T, J, taski)-feedback component generator

3) Await completion of all Pi

4) Collect all sub-results: Ri «— output (Pi)

5) Merge Ri into structured report R

6) Return R

Key Advantage: Parallel execution of subtasks reduces
sequential latency, thus obtaining Low-Latency Orchestration in
feedback generation.

Algorithm 2: Structured Prompt Engineering Focus: Reliable
Data Generation through Structured Prompting The approach
enforces super-strict properties on every prompt for ensuring that
a completely deterministic LLM goes out-just an interpretable,
machine-readable output.

Algorithm 2: Structured Feedback Generation via Prompt

Engineering

Input: Task type T, Context data C, Schema S

Output: LLM response R (JSON formatted)

1) Create the prompt P in the following way:

a) Role = define (” You are an expert interview coach.”)

b) Context =inject(C) // candidate responses, job info

c) Task = define objective (T) //'e.g.,” Evaluate candidate’s
strengths”

d) Format=enforce(S) // specify exact JSON keys and
structure

2) Send P — LLM

3) Receive response Rraw

4) Validate Rraw against Schema S

5) Ifinvalid — invoke Algorithm 4 (Repair)
6) Return valid JSON R

Key Advantage: The four-layer prompt structure (Role,
Context, Task, Format) guarantees consistent, parseable data
generation from a non-deterministic model.

Algorithm 3: Al-Powered Transcript Parsing Focus: Resilient
Information Retrieval

This algorithm makes a flexible use of a low-context LLM call
to extract structured data from unstructured transcripts instead of
using a brittle rule-based parsing method.

Algorithm 3: Al-Powered Answer Extraction

Input: Transcript T (list of dialogues)

Output: Extracted answers A

1) Divide T into question—response pairs QP = segment by
role (T)

2) For each pair (q, r) in QP:

a) prompt =" Extract candidate’s answer to:” + q

b) result=LLM call (prompt, r)

c) append (result — A)

3) Post-process A to normalize phrasing and remove duplicates

4) Return structured set of answers A

Key Advantage: This Resilient Information Retrieval technique,
in contrast to regex-based methods, is capable of adapting to
interruptions, incomplete sentences, or non-linear conversation
flow.

Algorithm 4: Defensive JSON Repair

Focus: Defensive Output Parsing for System Resilience
Sometimes LLMs give back responses that are either incomplete
or malformed in the form of JSON (for instance, missing braces,
stray characters, or markdown wrappers).

Algorithm 4 develops a multi-stage repair and validation scheme
to guarantee that the response from LLM is first transformed into
valid, schema-compliant JSON before it is processed further.

Algorithm 4: Robust LLM Output Parsing and Repair

Input: Raw LLM output Rraw

Output: Validated JSON object Rvalid

Sanitize Format:

a) Remove code-block wrappers (e.g., “‘json, “)

b) Trim whitespace and control characters from start/end

Detect Common Errors:

c) If unmatched braces/brackets — infer missing symbol and
append

d) Ifunescaped quotes or line breaks inside strings
— escape properly

e) Replace invalid Unicode or control symbols with safe
tokens

Structural Repair:

f) Attempt json.loads(Rraw)

g) If parsing fails:

i)  Apply pattern-based corrections (regex-based balancing)
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i1) Retry parsing

h) 1If still invalid — invoke lightweight repair model or rule-
based recovery function

Schema Validation:

1) Validate Rcandidate against predefined JSON schema S

j)  Iffields missing — insert default/null values

k) If extra fields — log and remove them

Verification and Fallback:

1) Re-serialize Rcandidate — Rvalid

m) IfRvalid still invalid — flag for manual review and continue
pipeline with safe placeholder JSON

Return Rvalid

Key Advantage: This Defensive JSON Repair algorithm acts as
a safety net for all LLM interactions. By combining sanitization,
structural inference, schema validation, and intelligent recovery,
it prevents single-point failures caused by malformed outputs.
This guarantees System Resilience and supports seamless
integration in production environments where consistency and
fault-tolerance are required.

Full-Stack Development

This last stage will use contemporary web technologies to build
the entire system. Their design is used to build the frontend
interface, which uses React to create an entirely responsive,
interactive, and user-friendly front end. Accessing interview
sessions, submitting answers, and viewing Algenerated feedback
would be simple for candidates. Recruiters will use a clear
dashboard to view analytics and manage assessments.

Next.js The backend that combines server and client functionality
is called js. It connects to the database and Al engine, manages
routing and APIs, and authenticates users. This layer helps ensure
smooth communication between all platform components and
a high degree of data processing security. The last phase is the
implementation of the Al engine that automates the communication
with the backend to assess transcripts, make inquiries and give
users structured feedback. It essentially provides the whole
system’s end-to-end functionality, thereby making sure that all
database integrations are in place and also guarding everything
from user profiles to interview analytics results.

System Integration

The smooth shift of operations between the Candidate and
Recruiter Interfaces will be guaranteed as soon as the separate
Al modules are completed and merged into one platform.To
make session control, authentication, and job management
ecasier, the Presentation Layer collaborates with an Application
Layer. To store and retrieve evaluation results, the Al Layer then
communicates with the Data Layer. This integration guarantees the
smooth operation of analytics visualization, adaptive questioning,
resume parsing, and real-time feedback. In addition, scalability,
quick performance, and safe storage for private candidate data are
offered by cloud infrastructure and APIs.

Deployment and Testing

Deploying the MockHire platform into a cloud-ready environment
and carrying out comprehensive testing to confirm system
accuracy, stability, and usability constitute the final step. The
functionality of resume upload, application tracking, and interview

simulations is verified by functional tests. System response times
under various workloads are measured by performance tests, and
the accuracy and consistency of candidate ratings are verified by
Al model evaluation. Pilot recruiters and candidates participate
in user acceptance tests to get feedback for improvements and
guarantee a user-friendly, practical platform for larger-scale hiring.

Expected Result and Hypothesis

To improve the hiring and preparation process, the MockHire
platform incorporates automated feedback generation, mock
interviews, and Al-driven resume analysis. The following
theories and anticipated results are based on design simulations
and controlled prototype testing because largescale deployment
is currently underway.

Enhanced Effectiveness in the Hiring Process

Hypothesis:By combining automated mock interviews with Al-

powered resume parsing, recruiters’ workload and time to hire

will be greatly decreased.

Anticipated Results:

e A 40-60% decrease in the amount of time spent on
preliminary interviews and resume screening.

e Three to five additional candidates can be handled
concurrently by each recruiter.

*  The workload associated with manual evaluation is lessened
by automated scoring and feedback generation.

Improved Objectivity and Decreased Bias in Assessment
Hypothesis: Standardised and Al-driven questioning reduces
human bias in candidate scoring and guarantees consistent
evaluation.

Anticipated Results

e Complete uniformity among candidates in terms of
evaluation metrics and question difficulty.

*  Elimination of demographic identifiers to lessen subjective
bias.

* Candidate scores are based only on the clarity, tone, and
quality of the content.

Enhanced Engagement and Experience for Candidates
Hypothesis: Compared to manual mock interviews, Al
interviews that provide immediate feedback and round-
theclock accessibility will increase candidate engagement and
satisfaction.

Anticipated Results:

*  85% or more of applicants are anticipated to express positive
satisfaction (based on a survey).

e >70% of mock interviews are completed, compared to about
40% of traditional ones.

e After the interview, feedback surveys should reveal
increased self-assurance and readiness.

e The Al interviewer, “Reva,” is regarded by candidates as
reliable, supportive, and nonjudgmental.

Al-Generated Feedback for Improved Learning
Hypothesis: Candidates can detect skill gaps and enhance their
performance in upcoming practice interviews with the aid of
real-time Al-generated feedback.
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Anticipated Results

e An average increase in interview scores of at least 30%
from the first to the second try.

*  Reports on Al feedback point out persistent flaws (such as
poor articulation and a lack of structure).

* Al feedback is rated as “clear” or “highly actionable” by
80% of users.

*  Comparative score charts show quantifiable gains in
technical accuracy and communication.

Anticipated System Output and Feedback Mechanism

This section describes the anticipated analytical outputs from the
system in order to demonstrate the practical application of these
hypotheses, specifically the mechanism for enhanced learning
(Hypothesis D).

Analytics of Sample Performance
Table 1: Sample System Feedback Summary

Report on Interview Feedback
[Interview ID] refers to the identifier for the interview. Status:
Finalised

Summary of Overall Performance Total Score: [Numeric
score, such as 3.5 out of 10] Overview of the Analysis: an
in-depth report that summarizes the applicant’s confidence,
technical expression, communication method, and overall
readiness for the interview.

Notable Advantages: e.g., Showed a very high level of
confidence and expressed very well his/her project experience.
e.g., stayed calm when asked follow-up questions.

Areas for Improvement: e.g., absence of proper etiquette and
unorganized self-presentation. e.g., poor description of technical
troubleshooting processes.

A sample of the automated performance analytics the system
will offer after the interview is shown in the following table.
System Logic-generated sample expected feedback output: “The
candidateshowed greatconfidencebutlacked interview etiquette.”
Although assertive, the responses were not comprehensive. It is
advised to receive coaching on communication style, humility,
and thorough STAR-based responses.

Interpretation

The type of automated performance analytics the system will

offer is reflected in these anticipated outputs. The objective is to:

*  Provide individualized insights into technical and soft skills.

*  Give candidates the opportunity to pinpoint particular areas
that need work.

* Use Al-powered scoring metrics to measure performance.
To assess and enhance the validity of these scoring criteria,
real candidate data will have to be collected for coming
application.

The AI-Generated Feedback Report’s Structure

The framework of the Al-generated feedback report that the
system is producing after every simulated interview session has
a structured format as shown below. The report aims to progress
from an extensive performance overview to a detailed, question-
by-question evaluation, and finally to concrete recommendations
for the growth of the candidate.

Expected Al SKills scorecard
Parameter it Remarks Table 2: Sample Skill Wise Evaluation Summary
Overall Rating | 3.5/ 10 Needs improvement Skill Category Score (out of 10) Remarks
Performance in | Not Up to Par | Excessively forceful; no Communication Skills | [X/10] [Brief comment]
the Interview formal introduction Technical Skills [X/10] [Brief comment]
Technical 4/10 Claimed expertise but did Confidence Level [X710] [Brief comment]
Proficiency Hotgo into detail about the Problem-Solving [X/10] [Brief comment]
project
Solving Issues |3/ 10 Lacked a methodical Analytical Breakdown by Question
approach to solving Each interview question is scored on its own basis to create full
problems documentation of the candidate’s performance.
Level of 8/10 High selfesteem but
Confidence requires humility Question 1: [Question text in full] Score: [e.g., 6/10]

Candidate’s Response: [indicate if response is missing, or
transcribed response]

Ideal answer is a sample reply that illustrates the desired level
of technical detail, domain-specific terminology, and logical
organization.

Important Points of Evaluation: [for example, a proper
explanation of the event loop concept] [for example,
asynchronous handling techniques are mentioned.]

Coverage and Depth Analysis: This consists of measuring the
candidate’s reply against the ideal standard and identifying any
gaps of misunderstanding or explanation.

Personalized Recommendation: Detailed advice concerning
how the applicant can improve in future questions that are
similar to this one.

Final Summary and Action Plan Practice Focus Areas:

* Interview Etiquette and Professional Communication

e Structured Explanation of Technical Concepts

*  Confidence Modulation and Active Listening

Overall Impression: A statement that summarizes the
candidate’s readiness for real-world interviews and indicates the
weakest areas that need improvement the most.

Open Access J Artif Intel Tech, 2025

www.oaskpublishers.com

Page: 6 of 7



Copyright © Siddhi Uttekar, et al.

Volume 1 | Issue 2

Pro Tip: A short but impactful insight to keep up positive
behavioral or communication patterns.

Rationale for Feedback Structure

The feedback structure demonstrates the capability of the

system to automatically generate standardized, data-driven,

and actionable evaluations. The modular design of the feedback
report allows for:

* A transparent candidate assessment process.

e The personalized learning experience is provided by
improving suggestions that are specific to the learner’s
needs.

e Long-term progress monitoring through several interview
attempts.

Future Scope

MockHire is equipped with a variety of innovative features
aimed at not only improving the candidate experience but also
increasing the productivity of recruiters, which gives it a great
future. By integrating with Applicant Tracking Systems (ATS),
it will be able to connect to all the best hiring platforms and
make all of the work completely automated, from scheduling
interviews to tracking applications to evaluating candidates.
To create individualized learning paths and preparation plans,
a better Al personalization system employs sophisticated
machine learning algorithms to customize not only the interview
questions but also the feedback styles, all at the individual’s
pace. Peer and mentor collaboration can further enhance this
feature by allowing students to connect with mentors, share
mock interviews, and provide feedback, all of which help to
create a strong community. By making the settings portable
and enabling interview preparation at any time and location
with an intuitive interface, mobile applications will enhance
this experience. Alpowered predictive hiring insights can help
recruiters make more assured and strategic hiring decisions by
identifying a candidate’s success potential, retention value, and
role fit. Last but not least, Al will automatically create interview
scenarios that may include challenging, real-world reasoning
problems that expose candidates to actual difficulties unique to
a given job role.

Conclusion

MockHire is an Al-powered platform that uses performance
analytics, real-time feedback, and adaptive mock interviews
to transform the hiring and interviewing process. It provides
personalized insights to enhance performance and adapts
interview simulations based on each student’s skill level
and learning style. It gives recruiters an evidence-based
dashboard, automates assessments, guarantees objectivity, and
boosts productivity when shortlisting applicants. Since the
platform’s scalability would only be useful for individuals and
organizations, it must be excellent for large-scale hiring. Future
updates will include predictive hiring insights and multilingual
capabilities to improve accessibility and make hiring more data-
driven, intelligent, and equitable.
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